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We investigate the between plug-and-play and diffusion model for '

inverse problem. We explore the connection between PnP and diffusion model

* Acquiring the image x is an inverse problem. (a) Plug-and-play

» Solving an inverse problem is an ill-posed one-to-many mapping
problem.
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Maximum a posteriori probability (MAP) estimator for inverse problem
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Proximal operator is an optimization-based image denoiser
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xt ProXgq (Zt) z-—x-yW th Hy — Ax Hz Table 1. Reconstruction metrics comparison across methods.
Method PSNR (dB) SSIM LPIPS
Hfy 20.55 0.39  0.54
DDIM+GAP 24.09 0.62 0.33
(1 (1 DDIM+HQS 24.64 0.67 0.38
\ (3) DDIM+GAP+HQS 24.76 0.68  0.37
P X0 /\ Xo|t Table 2. Reconstruction Results across different CRs.
X Xo (2) L (2)
t Xt Xp—1 Xo|t :
CR PSNER SSIM  LPIPS
e o 21 . 5
PnP Diffusion model L 2 val 090

3% 2476 0.68 0.37
10% 25.66  0.70 .25
20%  27.01 0.78 0.18

Algorithm 1 Fused Data Guidance for Diffusion Sampling O |

Diffusion model Ours: Fused update of GAP and HQS for Diffusion
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Require: Observation y, SPI forward model H, score func-

tion, diffusion schedule {7}, fusion weights {J; } PnP and Diffusion

Conclusions & References

And it has been validated effective in image compressive sensing.
12: return Xg 5
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